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Abstract

Interpolation Jack polynomials are certain symmetric polynomials in N
variables x1, ..., xn, with coefficients that are rational functions in another
parameter x, indexed by partitions of length at most N. Introduced first
in 1996 by F. Knop and S. Sahi, and later studied extensively by Sahi,
Knop-Sahi, and Okounkov-Olshanski, they have interesting connections
to the representation theory of Lie algebras. Given an interpolation Jack
polynomial P,, we would like to write

P .
%PA: C)\PH

where the coefficients cg are rational functions of k. In this thesis I present
proofs of expressions for a few specific cases of these coefficients, and develop
a general matrix formula which does not provide a concrete formula but can
act as a starting point for computing such a formula.
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Chapter 1

Symmetric Polynomials and
Partitions

In this section we provide a brief introduction to symmetric polynomials and
partitions, and present a connection between them in the form of families
of symmetric polynomials indexed by partitions. For further reading on
symmetric polynomials and families indexed by partitions see [1, 2 3],
and for more information on partitions and their various combinatorial
properties see [4].

1.1 Symmetric Polynomials

Let Py = Clx1,...,xn] be the algebra of polynomials in N variables
x1,...,xn with complex coefficients. Recall that the symmetric group Sy is
defined to be the set of bijections

o:{1,...,N} - {1,...,N}.

Then a polynomial f € C[xy,...,xn] is defined to be symmetric if it is
invariant under the action of the symmetric group, i.e.,

f(xo), -+ Xony) = f(x1,...,XN)

for all 0 € Sy. There are several fundamental examples of symmetric
polynomials.



2 Symmetric Polynomials and Partitions

Example 1.1.1. The elementary symmetric polynomials ey := ex(x1,...,xN) in
N variables are defined by the relation

N

N
]_[(1 +tx) =1+ Z extk. 1.1)
k=1

i=1

That is, the k'" elementary symmetric polynomial is defined to be the
coefficient of t* when [TN,(1 + tx;) is expanded out. For example, if N =1,
then Equation [1.1|becomes

1+tx1=1+eqt
and so e1(x1) = x1. If N = 2, then Equationinstead becomes
(1+tx1)(1+£x2) = 1+ (x1 + xX2)f + x12282 = 1 + eqt + ept?
so that e(x1, x2) = x1 + x2 and ex(x1, x2) = x1x3.

Example 1.1.2. The complete symmetric polynomials hy := h(x1,...,xn)in N
variables are defined by the relation

) N
Dotk =1+] Ja-xn™ (1.2)
k=1 i=1

Similarly to before, this means that the k' complete symmetric polynomial
is defined to be the coefficient of t* when Hﬁl(l — x;t)"! is expanded out
using power series. For example, if N = 1 then Equation [1.2]becomes

Z hetf =1+ (1= xq8)7}

k=1
=1+ Z(xlt)f
j=0

=l+xit+x0t2 4.

So hi(x1) = x1, ha(x1) = x%, etc. If N = 2 then Equation becomes

D oth =14 (1 -ty (1 - x0at)7!

=1
=1+ i(xlt)j (i(xﬂ)‘])
=0 =0

=1+ (x1 +x2)t + (xF + X100 + X+ -
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Thus hi(x1, x2) = x1+x2, ha(x1, x2) = x%+x1x2 +x§. In general hy(x1, ..., x,)
will be the sum of all distinct monomials in x1, . .., x,, that have total degree

k.

Example 1.1.3. The power sums W in N variables are defined to be

N
Wi(x1,...,xN) = Z xf.
i=1

For example, the power sum W5 in 2 variables is
5, .5
Ws5(x1, x2) = x] + x3.

Another fundamental example of symmetric functions are the monomial
symmetric functions, but we hold off on a definition of these until we have
introduced the concept of a partition}

One can check that the collection of symmetric polynomials in N variables
is closed under addition, multiplication and scalar multiplication and so in
fact forms a subalgebra of Py, denoted An.

An interesting question that arises now that we know Ay is an algebra
is: which collections of symmetric polynomials form a basis for Ax? Each
of the families of polynomials presented in Examples ddf?} and
we will encounter more such families of polynomials later on after we have
introduced partitions. In particular, this report will revolve around one
specific basis for A, called the interpolation Jack polynomials.

1.2 Partitions

We now introduce the notion of a partition.

Definition 1.2.1. A partition of a non-negative integer m is a tuple A =
(A1,...,AN) such that A4, ..., Ay are non-negative integers, A1 > --- > Ay,
and A1 +--- + Ay = m. The number N is called the length of the partition A,
and the number m is called the size of the partition A, denoted |A|.

Example 1.2.2. The partitions of length three of the integer 3 are (1,1,1),
(2,1,0)and (3,0, 0).

1See Section
2We will make this statement more precise in Section




4 Symmetric Polynomials and Partitions

One question that arises when studying partitions is: how do we order
them? There are several ways of doing this, but here we present one that is
often used in the study of symmetric polynomials.

Definition 1.2.3. Let A = (A4,...,A;) and p = (u1, ..., ) be two partitions
of the same length. Then A > u in lexicographic ordering (sometimes written
A >10x 1) if for some index i

Aj=pjforj<iandA; < y;.

Note that lexicographic ordering is a total ordering on partitions of a
certain length, i.e., for each two partitions A and u of the same length,
either A >, p or A <y p. This is important because later on we will use
lexicographic ordering to order certain families of symmetric polynomials
indexed by partitions.

Another important and notorious concept related to partitions is that of
the Young diagram associated to a partition[]

Definition 1.2.4. Let A = (A4, ..., Ayx) be a partition. Then the Young diagram
associated to A, which we will denote KH is an array of boxes with N left-
justified rows, where row i has A; boxes. We also say that such a Young
diagram has shape A.

Example 1.2.5. If A = (3,2, 1), then the Young diagram of shape A is

Young diagrams arise often in combinatorial settings, and provide
an insightful approach to many problems due to their visual nature. In
particular, they are integral in the study of the representation theory of the
symmetric group, and will show up later in this document playing a key
role in finding a concrete formula for interpolation Jack polynomials.

Young diagrams are also useful in defining the conjugate or transpose of a
partition A.

3Despite the name, these diagrams have in fact been around since 1900, and so are not
particularly young.
4This is not standard notation.



Symmetric Polynomials Indexed by Partitions

5

Definition 1.2.6. Let A = (Ay,...,Ayn) be a partition. Then the conjugate or
transpose of A is the partition At=0A5, ., A}f), where )\;r is the number of
boxes in column i of the Young diagram of shape A.

Note that the Young diagram of A" can be obtained from the Young
digram of A by flipping the boxes over the diagonal that goes from the
upper left to the bottom right, i.e., taking the transpose of a Young diagram
is like taking the transpose of a matrix. For example, using the partition
A=(3,2,1) from Examplewe see thatin fact A = At.

1.3 Symmetric Polynomials Indexed by Partitions

We can now combine what we have learned about symmetric polynomials
and partitions to form the general type of object that this thesis will revolve
around: families of symmetric polynomials indexed by partitions.

The concept of a family of symmetric polynomials being indexed by
partitions is analogous to the idea of a sequence a1, ay, ... being indexed
by natural numbers. That is, there is a bijection between partitions and
polynomials in that family, and in general this bijection is established through
some type of formula involving the parts of A.

Example 1.3.1. We now find ourselves in a place where we can define the
monomial symmetric functions, as promised in Section[L.1} If A = (Ay,..., An)
is a partition, then we define the monomial symmetric function associated to A
to be

mA(x1,...,xN):Zx?1-~-x?\[N

where the summation is over all distinct permutations a = (ay, ..., an) of
A =(A1,...,AN). For example, the monomial symmetric function in three
variables associated to A = (6,5, 4) is

Mo 5,4)(X1, X2, X3) = x?xgxg + x?x%xg + x‘;’xgx;L + x?xéxg + x%xgxg + x%xgxg.
Monomial symmetric functions are particularly important in the study of
symmetric polynomials because they are a useful way of consolidating
notation. That is, if p(x1, ..., xyN) is a symmetric polynomial, then every
term in the monomial symmetric function m,(x1, . .., xn) will have the same
coefficient in p, so instead of writing out all of the terms in p, we can simply
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write it in terms of the monomial symmetric functions. For example, the
symmetric polynomial

p(x1,x2) = 3x% + 3x§ +x1+ X2
can be written instead as

p(x1, x2) = 3mp,0)(x1, X2) + m 1 0)(x1, X2).

Thus instead of thinking about symmetric polynomials in terms of the mono-
mials that they contain, it is useful to think of them in terms of the monomial
symmetric functions that they contain. We shall see later on that monomial
symmetric functions play an integral role in our study of interpolation Jack
polynomials.

Example 1.3.2. Another prominent example of a family of symmetric poly-
nomials indexed by partitions is the Schur functions or Schur polynomials.
Given a partition A = (Ay, ..., AN) the Schur function, s,, associated to that
partition is the polynomial

A]'+N—]')
i 1<i,j<N

det (xlN_j

det (x

sa(x1,...,xN) =
)1si,j§N

Although it is not clear that this will always be a polynomial in x1, ..., xn
(as opposed to merely a rational function), this turns out to be the case. As a
concrete example, let N = 2 and A = (2, 1). Then we see that

. 242-1  ,142-2
Ai+N— X X
det (x7 =det| 3., 4 1.,
i - 242-1 . 1+2-2
1SZ,JSN x2 xz
3
X3 X
=det|"} !
x2 X2
_ 3 3
= xle — x1x2
and
2-1 -
N—j X X
det (x‘ / ) =det| 5 ; "1,
b J1<ijsN x5 X5
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Thus
xX)x; = X%
5(2,1)(351, X2) =
X1 — X2

= X%Xz + xlxg.
So we see that 55 1)(x1, x2) is indeed a symmetric polynomial in the variables
x1 and xp. It is also worth noting that when A = (A1) we have s; = h,,,
where §,, is the complete symmetric polynomial mentioned in Example
When A = (1,...,1), s, is the elementary symmetric function ey
mentioned in Example (where N is the number of 1’s in A).

We can also define variations on the symmetric polynomials presented in
Examples|1.1.1}[1.1.2land [1.1.3} as follows. If A = (A4, ..., An) is a partition,
then the elementary symmetric polynomial indexed by A is ey = ey,ep, - ;
and the complete symmetric polynomial indexed by A and the power
sum indexed by A are defined analogously. These families of symmetric
polynomials are of interest because for each family, the subset of that family
that is indexed by partitions of length N (where we allow some of the A;
to be zero) forms a basis for the space AN} As mentioned previously, this
thesis is focused on a particular basis of symmetric polynomials indexed by
partitions, called the interpolation Jack polynomials.

5To be more precise, the sets {ej(x1,...,x,)|r < N}, {hy(x1,...,xr)|r < N} and
{pa(x1,...,x7)|r £ N} each are a basis for Ay.






Chapter 2

Interpolation Jack Polynomials:
What Are They?

In this section we introduce the interpolation Jack polynomials, first through
an abstract definition introduced by Knop and Sahi and then through an
explicit combinatorial formula developed by Okounkov. For more reading
on each, see respectively [5] and [6], and for further reading on similar
combinatorial formulas see [1]. Note also that parts of this section follow
closely the discussion in [7] (also written by the author).

2.1 First Definition

Interpolation Jack polynomials were first introduced in 1996 by E. Knop
and S. Sahi [5], and were defined by certain vanishing conditions. In
order to develop the definition, we must first introduce some notation. Let
A = (A1,...,AN) be a partition and let p = (p1, ..., pn) be a vector in CN,
Then we say that p is dominant if p; — p; # —=1,-2,-3,... forall i < j. We
can then define the p-hooklength of a box s = (i, j) in the Young diagram
associated to the partition A to be

cﬁ(s) =i —j+1D)+(pi - PA]T)

where we recall from Sectionthat At =(AT,..., A?) denotes the transpose
of the partition A.

Example 2.1.1. Let A = (1,1,1) and p = (3,2, 1). Then the Young diagram
associated to A and its transpose are:
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@ ad L1

Thus the transpose of A is AT = (3,0, 0). Now consider the box s = (2,1) in
this Young diagram. This is the middle box, and its p-hooklength is

C(3,2,1)(2, 1)=(A2-1+1)+(p1 - PA{)

(1,1,1)
=1+(3-ps)
=1+3-0)
=4.

For each partition A we can then further define
cﬁ = l_l cﬁ(s).
seA

Finally, for non-negative integers N and d (note that N is actually strictly
positive) let S(N, d) denote the set of partitions A = (A1, A2, ..., An) with
2. Ai = d. We then present the following definition from [5].

Definition 2.1.2. Let p € CN be dominant and let d and N be non-negative
integers. Then for any partition A € S(N, d), the interpolation Jack polynomial
Pg associated to that partition is the unique polynomial in N variables such
that

(1) Pf\} is symmetric

(2) degP) <d

3) Pf(y + p) = 0 for all partitions p of d with u # A
4) PY(A+p)=ch.

In other words, these polynomials are defined to be the unique symmetric
polynomials in N variables satisfying a degree condition (2), a vanishing
condition (3) and a normalization condition (4).

It is proven in [5] that these polynomials will in fact exist and be unique
for each dominant p € CN and each A € S(N,d). Note that they are also
sometimes referred to as shifted Jack polynomials (see [3]).
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In this report, we will focus on a particular sub-family of these polynomi-
als, indexed by vectors of the form p = k6, where « is a formal parameter and
0=m-1,n-2,...,1,0). This sub-family is of particular interest because
for certain values of «x, the interpolation Jack polynomial P’A“S reduces to
certain other well-known symmetric polynomials. For example, let us define
the falling factorial polynomials

xLi=x(x-1)---(x =b+1).

Then we can obtain the factorial monomial symmetric functions and the factorial

Schur functions by replacing each x? by x? in the monomial symmetric
functions and Schur functions, respectively{l] Then for k = 0 we obtain the
factorial monomial symmetric functions and for k¥ = 1 we obtain the factorial
Schur functions (see [5]).

The above definition is all very well if we want to know only about the
defining properties of the interpolation Jack polynomials, but it is not very
helpful in giving us a concrete expression to work with. In fact, in the paper
[5], no such expression is given. However, Proposition 3.4 of [5] does give
an explicit formula for P}fé(xl, ...,xy)when A = (A4,0,...,0), which is as
follows:

N
KO _ K
P(Al,o,...,O)(xl' ..., XN) = (/\1) Z !:[
=

where the sum runs through all integer sequences Ay = iy > iy > -+ >
in—1 = iy = 0. Also note that

(, " ,)(xj—Kéj—ij)if‘l‘if 2.1)
l]'_1 — l]'

-\ (k=D +1)(-x—=D+2)---(-x) _(-1)Px2
(D) ~ D! - DI

and ( l‘j—_li l.j) is defined similarlyP} This formula will be useful in Chapter 4
when we look specifically at interpolation Jack polynomials of this form.
However, we would also like to look at interpolation Jack polynomials that
are not of this form, and so for a general formula we turn once again to
Young diagrams.

1See Section for the definition of the monomial symmetric functions and the Schur
functions.
2This is a natural extension of the usual binomial coefficient.
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2.2 Combinatorial Formula

We now present a series of definitions, which build up to a combinatorial
formula for the interpolation Jack polynomials P;\“S . We present the procedure
for interpolation Jack polynomials in three variables, but it can be generalized
to N variables with only slight modification. Recall that for a partition A we
denote the Young diagram of shape A by A.

Definition 2.2.1. Let p = (u1, y2, u3) be a partition. Then for a box s at
position (i, j) in 1, we define

Lu(s) = [{k > i | e > j}| I'(s)=i-1
au(s) = pi—j a'(s)=j-1.

Note that [,(s), I'(s), au(s), and a’(s) are respectively the number of boxes in
the Young diagram to the south, north, west and east of the box s.

Example 2.2.2. Let yu = (2,0,0) and s be the box at position (1,2) in z. That
is, s is the starred box in the following diagram:

HE

Then
L(s) = [{k > il pe = 3| = [{k > 1]k 2 2}] = 0,
l/(S):]_—]_:O,
au(s)=p1—-2=2-2=0,
a'(s)=2-1=1.

Definition 2.2.3. Let y = (u1, p2, u3) be a partition. Then for a box s in X, we

define () + x(l(s) + 1)
a,(s) +x(l,(s) +
bu(s, x) = s s .
au(s) +xly(s) +1

Example 2.2.4. Using the same u and s from Example we see that
_0+x(0+1)

buls ) = s~ "
Definition 2.2.5. Let A = (A1, A2, A3) be a partition. Then a reverse tableau
of shape A is a filling of the Young diagram A by the numbers 1, 2, 3 such

that the rows are weakly decreasing from left to right and the columns are
strictly decreasing from top to bottom.
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Example 2.2.6. Let A = (3,2,1). Then a few reverse fillings of the Young
diagram A are

1]

3
212
1

’)—\N(JJ
—_

3
211
1

For a box s in position (7, j) in a reverse tableau T, we denote the entry
in s by T(s) or T(i, j). For example, if T is the reverse tableau on the left in

Example then T(1,1) = 3.
Definition 2.2.7. Let A = (A1, A2, A3) be a partition, and let T be a reverse

tableau of shape A. Then for i = 0,1,2, we define ;\‘(5 to be the reverse
tableau obtained from T by keeping only the boxes containing the numbers
i+1,...,3.

Example 2.2.8. Again let T be the reverse tableau on the left in Example

Then A® and AD are
and 313

212

respectively, and 20) i just the original reverse tableau. Note that A0) will
always simply be the original reverse tableau.

Definition 2.2.9. Let A = (A1, A2, A3) be a partition, and let T be a reverse
tableau of shape A. Then for i = 1,2, we define (R/C) ) /a6 to be the set of

boxes s in the Young diagram A() with the following two properties:

e Property 1: The row that contains s also contains a box from A(-1) that
is not in A().

e Property 2: The column that contains s does not contain a box from
AU=1 that is not in A().

Example 2.2.10. Again let T be the reverse tableau on the left in Example
Then

(R/C)rjp@ =0, and
R/C) o0 ={(1,2)}.
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Definition 2.2.11. Let A = (A4, A3, A3) be a partition and let T be a reverse
tableau of shape A. Then we define

2
b (s, x)
K) = —
Yr() 1_[ 1—[ bi-n(s, x)
i=1 SE(R/C)/\(i—l)/A(i)
where the function b is as in Definition 2.2.3

Actual calculations of W (k) can be somewhat lengthy, so we hold off on
a concrete example until after the next definition, when we will provide a
full example calculation of an interpolation Jack polynomial.

Finally, for a box s in a reverse tableau T define the function ¢ as follows:

=2k ifT(s)=1
p(s,k)=1-x ifT(s)=2
0 if T(s) =3.

Then we can write a combinatorial formula for the interpolation Jack poly-
nomials that we wish to work with.

Formula 2.2.12. Let A = (11, A2, A3) be a partition. Then the interpolation Jack
polynomial associated with A is

PR, 0) = 3 ) [ G + (s, = /() + Ms)R). (2.2)

T a reverse seT
tableau
of shape A

Example 2.2.13. Now let’s use the above Formula[2.2]to find the interpolation
Jack polynomial for A = (2,0, 0). This is a bit of a complicated calculation, so
we have broken it down into several steps.

Step 1: The first step is to find all reverse tableaux of shape A = (2,0,0). The
Young diagram associated to A = (2,0,0) is

L]

so the reverse tableaux of shape A = (2,0, 0) are

n=1812], n-[311], gm-[2]1],
n=1813], g-[212] g-[2[1]

N
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Step 2: The next step is to find Wr,(x) for each reverse tableau T;.
Let’s consider T;. We first calculate the 7\?7) We have

Then we can use the A® to calculate the (R/C) -1 /0. We see that

R/Clyopm =0,  (R/Chmjpe ={(1, 1}

Now for each i we calculate b (s, k) and b1 (s, ) forall s in (R/C) -1 JAG)-
In this case, there are no s in (R/C),0 /51, s0 we only need to worry about
(R/C)A(l)m(z). There is only one box in (R/C))\(l)/)\(z), namely s = (1, 1), and
we see that

a,u(s) = )\gl) -1=2-1=1, La(s) = Hk >1 |)\§(1) > 1}‘ =0,

o) =AY —1=1-1=0, L) = Hk >1[A% > 1}‘ =0,

SO
B a,0(s) +x(lo(s) +1) _x+1
baw(s,%) = an(s) +xho(s)+1 2
I 1
bra(s, k) = %) + Ko () + 1) =

a/\(2>(s) + KlA(z)(S) +1
Putting this all together we have

(k) = ﬁ 1—[ by (s, x)
Yrili) = byi-n(s, x)

=1 s€(R/C) 1) 1)

(5)
K
T+ 1

N

Since the calculation of Wr,(x) doesn’t depend on the actual values in T; but
only on the relative sizes of those values, in this case Wr,(x) will be the same
fori=1,2,3. -

Now consider T;. Again, we first calculate the A():

A0 = 1) = 1@ =T,
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So

(R/C)r0 /0 = (R/C) /50 = 0.

Thus Wr,(x) = 1. As before, W7, is the same for i = 4,5, 6.
Step 3: The third step is to find the entire term contributed by each reverse

tableau T;. First note that all the T; have the same two boxes, (1,1) and (1, 2).
Since for a box s in a reverse tableau T;, a’(s) and I’(s) depend only on the
position of s, we see that for all T; we have

?(1,1)=1-1=0, a'(1,2)=2-1=1
I'(1,1)=1-1=0, I'(1,2)=1-1=0.

Thus for each reverse tableau T; the term contributed is
Wr, () [x,0,1) + (1, 1), ©)] [xra,2 + @((1,2), %) = 1] .
We now consider each reverse tableau individually.
(1) First consider T;. We see that

Ti(1,1) =3, Ti(1,2) =2,
p((1,1),x)=0,  @((1,2),x) = —x«.

So the term contributed by Tj is
Wr, (k) [xra0) + (L, 1), 0)] [xna,2 + ¢((1,2), %) — 1]

- ( 2 )<x3><x2 —k-1).

Kk+1

(2) For T, we can calculate

Tx(1,1) =3, (1,2) =1,
(P((lz 1)/ K) =0, (P((l, 2), K) = -2x.

So the term contributed by T is
\PTZ(K) [xTz(l,l) + @((11 1)/ K)] [xTz(l,Z) + (P((ll 2)/ K) - 1]

= ( 2x ) (x3)(x1 — 2k — 1).

kx+1
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(3) For T3 we have

(1, 1) =2, T(1,2)=1,
(P((l, 1)/ K) = -K, (P((l, 2), K) = -2x.

So the term contributed by T3 is
\PT3(K) [xT3(1,1) + (P((ll 1)/ K)] [xT3(1,2) + (p((lr 2)/ K) - 1]

_ (Kzfl) (2 — ©)(x1 — 2% — 1).

(4) For Ty we have
Tx(1,1) =3, T4(1,2) = 3,
((1,1),x) =0,  ¢((1,2),x) =0.

So the term contributed by Tj is

Wr, () [xra0) + (1, 1), )] [xn,0,2 + 9((1,2), k) - 1]
= (x3)(x3 = 1).

(5) For Ts we have

Ts(1,1) =2, T5(1,2) =2,
p((1,1),x)=-x,  ¢((1,2),x) = —«.

So the term contributed by T5 is

Wi (%) [xma0) + (1, 1), %)] [xna0.2 + 9((1,2), k) - 1]
= (xz - K)(Xz - K- 1).

(6) Finally, for Ts we have

T,(,1) =1, T1,2)=1,
(P((l, 1)1 K) = -2x, (P((l, 2), K) = -2x.

So the term contributed by Tg is

Wr, (k) [x,0,0) + 9((1, 1), 0)] [xn,a2 + ¢((1,2),x) - 1]
= (X1 - 21<)(x1 - 2K — 1).
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Step 4: The final step is to add up the terms contributed by each T; to

get chzé,o,O)(xl’ X2, x3). From step 3 we see that
PR(x1, 0, x3) = >0 () [ [(rree) + (s, 1) = a'(s) + I(s)x)
T a reverse seT
tableau
of shape A
2K 2K
= (m) (x3)(x2 —x —1) + (m) (x3)(x1 — 2k = 1)

k+1

2K
+ (—) (12— K)(x1 — 2 — 1) + (x3)(ox3 — )
+ (2 —x)(x2—x—1)+(x1 —2x)(x1 — 2k — 1)
2
= x§ + x% + x% + (K—fl) (x3x2 + x2x1 + x2x71)

913 + 10k2 + 3«
x+1 '

_(61<2+51<+1

P )(X3+XZ+X1)+



Chapter 3

Summer Exploits and Thesis
Goals

Over the summer of 2019, I conducted research on interpolation Jack
polynomials at the Fields Institute for Research in the Mathematical Sciences
with fellow undergraduate Xiaomin Li from University of Illinois at Urbana-
Champaign, under the supervision of Dr. Hadi Salmasian from the University
of Ottawa. During this summer research we constructed several conjectures,
and my original goals for this thesis were to prove these conjectures. However,
while I did work on problems related to the conjectures, I ended up going in
a slightly different direction than originally planned. In this section I will
go over a description of the goals of my summer research, a brief summary
of our conjectures, and an indication of how my final thesis has deviated
from my original hopes. Note that my research over the summer focused
only on interpolation Jack polynomials in three variables, so this section will
primarily discuss that case.

In this section we also go over a brief introduction to Lie algebras
and representation theory, as it is closely intertwined with the study of
interpolation Jack polynomals. For further reading on these topics, see
respectively [8,9] and [4]. Further exposition on the conjectures developed
over the summer can be found in [7].

For the remainder of this thesis, we will drop the k6 superscript, and
simply denote our interpolation Jack polynomials as P,. However, it should
be assumed that they are of the form discussed on page
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3.1 Some More Background

Briefly, the goal of my summer research and thesis was to differentiate an
interpolation Jack polynomial Py with respect to the parameter x and write
the result as a linear combination of other interpolation Jack polynomials,
where the coefficients in the linear combination are rational functions in
k. That is, for each interpolation Jack polynomial P, we would like to find
rational functions of %, CK(K), such that

d

SPalx,. ) = ; i (Py(x1, ..., xN)

where the sum ranges over some finite collection of partitions 1. Note that in
my summer research I focused only on the case where N = 3. In this section
we will go over some motivation for studying this particular problem.

First we motivate our decision to take the derivative with respect to «.
To this end, we first introduce the notion of a Lie algebra.

Definition 3.1.1. Let F be a field. A Lie algebra over F is an F-vector space L
together with a bilinear map

LxL—L, (x,y)[xy]
that satisfies the following properties:

[x,x]=0 forallx elL, (3.1)
[x, [y, z]1 + [y, [x,z]] + [z, [x,y]] =0 forallx,y,z € L. (3.2)

The map (x, y) = [x, y] is called the Lie bracket.

One prominent example of a Lie algebra is the general linear algebra for a
vector space V, denoted gl(V'). This consists of all linear maps from V to V,
with Lie bracket given by

[A,B] = AB - BA

for all A, B € gl(V). It is straightforward to verify that this satisfies both
properties of the Lie bracket. Now given a Lie algebra L, we can form its
universal enveloping algebra, which in a sense allows us to multiply elements.
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Definition 3.1.2. Let L be a Lie algebra over a field F. A universal enveloping
algebra of L is a pair (U, i), where U is an associative algebra with 1 over F,
i: L — U is alinear map satisfying

i([x,y]) = i(x)i(y) —i(y)i(x) (3.3)

for all x, y € L, and the following holds: for any associative F-algebra 2l with
1 and any linear map j : L — U satisfying Equation 3.3} there exists a unique
homomorphism of algebras ¢ : U — U (sending 1 to 1) such that p o i = j.

This is a rather abstract definition, and we will not deal with it directly.
Instead, we consider the tensor algebra of a vector space V.

Definition 3.1.3. Let V be a finite-dimensional vector space over a field F.
Let TV = F,T'V =V, and foreach m > 0letT" =V ® --- ® V (m times),
where ® denotes the tensor product over F. The tensor algebra on V is then

the vector space
(V)= @ TV
i=0

together with the product
(11Q U)W ® - QW) =11 ® - QU AW Q-+ ® Wyy.

Note that this choice of product makes 7 (V) an associative algebra with
unity.

Now let L be a finite-dimensional Lie algebra, and let | be the two-sided
ideal in 7 (L) generated by elements of the form x ® y — y ® x — [x, y] (Where
x,y € L). Let U(L) = I(L)/], and let m : (L) — U(L) be the canonical
homomorphism. Then the pair (¢(L), i), where i is the restriction of 7 to
L, is a universal enveloping algebra for L, and furthermore it is the unique
universal enveloping algebra of L up to isomorphism.

Thus for a finite-dimensional Lie algebra L we can refer to the universal
enveloping algebra of L, which can be thought of as the quotient algebra
U(L) = I(L)/], as described above.

We will now take a brief detour into representation theory. For a vector
space V let gl(V) be the general linear Lie algebra associated with V, as
defined above, and recall the following definitions:

Definition 3.1.4. Let L be a Lie algebra and V be a vector space. If there is a
Lie algebra homomorphism p : L — gl(V), then the pair (V, p) is called an
L-module (or representation) of L. Note that sometimes the vector space itself
is referred to as an L-module or representation of L.
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Definition 3.1.5. Let L be a Lie algebra and let V be an L-module with Lie
algebra homomorphism p : L — gl(V). Let W C V be a subspace of V. Then
W is a submodule of V if

weW = (p(x))(w)e W forallx e L.

Definition 3.1.6. Let L be a Lie algebra and let V # {0} be an L-module.
Then V is irreducible if the only submodules of V are {0} and V.

So where do interpolation Jack polynomials come into this? Well, given
a Lie algebra L, we may wish to understand its irreducible representations.
In Section 15.2.1 of [8], it is shown that there is a bijective correspondence
between the representations of L and those of /(L), so to study the irreducible
representations of L it suffices to study those of ¢(L). To do this, it is useful
to study how the elements of the center of U(L) act on the irreducible
representations. Why is this useful? By Schur’s Lemma['} the elements of
the center of U(L) act by scalars on irreducible representations of U/ (L).
Thus it is sometimes the case that we can distinguish different irreducible
representations by these scalars.

In particular, if L is a reductive Lie algebra, there is a distinguished basis of
the center of U(L) that is indexed by partitions. Let us denote the elements
in this basis as by. They are called the Capelli elements or Capelli operators
and interpolation Jack polynomials tend to show up in connection to the
eigenvalues of these operators. For example, consider the Lie algebra gl(V)
mentioned above. In this case, the irreducible representations can be indexed
by partitions; let us denote each irreducible representation by V,,. Then the
eigenvalue of the Capelli element b, acting on the irreducible representation
V), is simply P2(), i.e., for each v € V,, we have

by-v= Pg(‘u)v.

So in this case, the interpolation Jack polynomials show up as eigenvalue
polynomials. Works of Sahi, Salmasian and Serganova (see [10]) further
show a connection between the derivative with respect to x of two-variable
interpolation Jack polynomials and the eigenvalues of Capelli operators of
orthosymplectic Lie superalgebras. This suggests that there may be further
connections between the derivatives of interpolation Jack polynomials and
representation theory, and this is our motivation for studying them.

1See Lemma 7.13 in [§]].
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Now let’s return to the “real world” and consider what actually happens
we we differentiate with respect to k. To make things more tangible, let’s
again work with a concrete example.

Example 3.1.7. Consider the interpolation Jack polynomial in three variables
indexed by the partition A = (2,1, 1):

2 2 2
P1y(x1, X2, X3) = X7x2X3 + X1X5X3 + X2x2x5 — 3(k + 1)x1x2x3.

When we differentiate with respect to x we get

—P,1,1)(x1, X2, x3) = =3x1%2X3

Jx

which is again a symmetric polynomial.

This will in fact be the case in general. That is, when we differentiate
an interpolation Jack polynomial with respect to x we will be left with a
symmetric polynomial. It is straightforward to see why this is the case. Let f
be a symmetric polynomial in N variables with coefficients that are rational
functions of k. Then we can write f as

f(xl,...,xN) = ZC/\(K)mA(xll---,xN)

U

where the m, are the monomial symmetric functions introduced in Section
If we differentiate with respect to x we get

%f(xl, ce,XN) = Z ch(k)ma(x, ..., xN)
u

which is again a linear combination of monomial symmetric functions. Since
the monomial symmetric functions are, in fact, symmetric, the resulting
linear combination is also symmetric.

Now, as alluded to previously, for each N the set of interpolation Jack
polynomials {Py(x1,...,x,)|r < N} forms a basis for Ay. Thus for each
interpolation Jack polynomial P, we can write %P ) as a linear combination
of other interpolation Jack polynomials where the coefficients are rational
functions of «.

Our goal over the summer was to determine which interpolation Jack
polynomials occur in these linear combinations with non-zero coefficients
and to find formulas for the coefficients that are non-zero. We worked
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exclusively with interpolation Jack polynomials in three variables, inspired
by the successful solution of the problem for two variable polynomials by
Sahi, Salmasian and Serganova (see [10]). Although the approach used for
the two variable case will not work exactly for the three variable case, a
similar approach could be effective, and so in the next section I give a brief
overview of the two variable case.

3.2 Previous Work: the Two Variable Case

In this section, we will assume that all interpolation Jack polynomial are
in two variables. First, we recall that in [5] an explicit formula is given for
interpolation Jack polynomials Py, o,0):

P(/\1,0,~~~,0)(x1f .. xN) =] (/\1) Z 1_[ (1] - 1])(x] — K(S — 1])11 1—1j
ij

where the sum runs through all integer sequences A1 = ip > i1 > -+ >
in—1 2 iy = 0. Also, from Lemma 2.3 in [5] we have the following identity
for each interpolation Jack polynomial Py, 1,):

P(M,Az)(xl/ X) = xleP(/\l—l,/\z—l)(xl -1,x,-1). (3.4)

Using this formula repeatedly, we can write

Py, i) (X1, X2) = x1%2P (3 21 1,1y (X1 = 1, x2 = 1)

= (x1%2)*P(1, -2, 0,-2) (X1 — 2, X2 — 2)

= (x122) 2P (3, -2,,0)(x1 — A2, X2 — A2).

So we can write any Py, 1,) in terms of an interpolation Jack polynomial
indexed by a partition with only one non-zero part. Thus we can find an
explicit formula for all interpolation Jack polynomials in two variables using
Equation Using this explicit formula, we can then write an explicit
expression for the coefficient in front of xixé in P, for each i and j. Then we
can differentiate these coefﬁcients with respect to x to get an expression for
the coefficient of x 1n 3 2. p,. Let’s denote this differentiated coefficient by
c ij-
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Now, as my partner and I did over the summer, Dr. Salmasian and
collaborators came up with conjectures for the coefficient of P, in the linear
combination for [%,P;\. Using these conjectures and the explicit formulas for
the interpolation Jack polynomials mentioned above, we can write down
what the coefficient of xixé would be in %PA if the conjectures were true.
Let’s denote this coefficient by c’ it

To prove the conjectures, then, we must simply show that c;; = ¢ : for
each i, j. This equivalence, it turns out, is analogous to a hypergeometric
identity proven by Dougall in 19077 This proves that the conjectures are
correct.

Given this approach for the two-variable case, we can ask what breaks in
the three variable case. There are in fact several stages that break.

For one, we do not have an explicit formula for interpolation Jack
polynomials in three variables, just one that depends on Young diagrams}
So we would have to re-derive an expression for the coefficient of xixéxg
in P)(x1,x2, x3), and this expression would depend on Young diagrams.
Our conjectures also do not line up with those of Dr. Salmasian, so we
would have to re-derive the coefficient of xixéxg in %PA (x1, x2, x3) that we
would get if our conjectures were correct. Lastly, equating coefficients in the
three-variable case may not reduce to the same hypergeometric identity, so
we would have to look around for another identity to possibly reduce it to.
However, the approach taken in the two-variable place is still a good guide
as to where to start for the three-variable case, and a similar approach may
work.

3.3 Previous Work: Conjectures

As mentioned above, our research goal over the summer was to differentiate
each interpolation Jack polynomial P, in three variables with respect to the
variable k and write the result as a linear combination of other interpolation
Jack polynomials:

J g
5Pi= zy: cH ()P,

2See [11].

3See Section
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where the coefficients Cg () are rational functions of k. The first question to
ask in this scenario is: which interpolation Jack polynomials appear with
non-zero coefficients in this linear combination? For example,

d 5k +3 —6k —4
ﬁP(Z,O,O) = (m) P00 + ( 1 )P(l,O,O)

2
* (m) Faao

sowe see that only P ,0), P(1,0,0)and P(1 1 0) appear with non-zero coefficients

in the linear combination for %P(Z,O,O)- In fact, in general it will be the case
that for each partition A, there is a cutoff in size (with respect to lexicographic
ordering) such that if u is “too large” relative to A then P, will not appear in
the linear combination for %{P}\.

It is convenient at this point to break the question down into two cases:
(1) if the partition A has three non-zero parts (e.g., A = (3,2,1)) and (2) if A
has fewer than three non-zero parts (e.g., A = (3,2,0)). It turns out that the
tirst case reduces to the second case:

Theorem 3.3.1. Let A = (A1, A2, A3) be a partition with exactly three non-zero
parts and p = (u1, y, u3) be a partition with at most three non-zero parts. Then

Cgl:{o(u A3, i2=A3,p13=A3) Fita = Aa <0
1=1A3,H2=A3,H3—=/13 .
(11 —As Ag—1.0) otherwise.
Note that we have written just cﬁ instead of c;l (x) here, for ease of reading.

Proof. Let A = (A1, Ay, A3) be a partition with exactly three non-zero parts,
and let A* = (A1 — A3, A2 — A3,0). Then suppose that the linear combination
for %PA* is

P
%P” = ch.Py. (3.5)
u

Now, from Corollary 2.3 in [5], we know that for any partition v = (v1, vz, v3)
we have

Py vy v (X1, X2, X3) = X1X2X3P (-1 vy—1,v5-1)(X1 = 1, x2 = 1, x3 — 1).
Repeated application of this formula to Py shows that

Pa(x1, %2, %3) = (x122x3) P+ (x1 — A3, X2 — A3, X3 — A3).
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Then differentiating both sides and using Equation we see that

d d
—Pj(x1,x2,x3) = (x1x2x3)A3%P/\*(xl — A3, x2— Az, x3 — A3)

dK
= (x1x2x3)" Z . Pu(x1 — Az, x2 — A3, x3 — A3).
L

We can then move the (x1x2x3)" inside the summation and apply Corollary
2.3 from [5] in reverse:

%PA(M, X2,X3) = ; ch, [(x1xax3) B Pu(x1 — A3, x2 — A3, x3 — A3)]

1
= Z C;*P([.J.1+A3,[.lz+/\3,‘u3+}t3)(x].l -x2/ x3)' (36)
u

Since the linear combination for %P;L is unique, this shows the desired
result. O

Let’s take a look at an example to help digest this theorem.
Example 3.3.2.

e Lety=(1,1,1) and A = (2,1,1) Then the coefficient of P, in %Pﬂs
—3. If we subtract A3 = 1 from each part in A and p we get u” = (0,0, 0)
and A’ = (1,0, 0), and the coefficient of P,/ in %PW is also —3.

e On the other hand, let p = (1,1,0) and A = (2,1, 1). Then if we subtract
Az =1 from all the parts of y we get u’ = (0,0, —1), which is not a valid
partition. Thus P, doesn’t appear in the linear combination for a%PA.

Thus it is more interesting to focus on partitions A with one or two
non-zero parts. In this case, we find that in fact P, appears in the linear
combination for %PA only if u is “small enough” with respect to A. To be
precise, we will see in Section@ﬂthat if = (u1, us, u3) and A = (A1, Az, A3)
then cg =0if p > Aorif ), yu; > X A;. In fact, computations in sage would
suggest that this is an if and only if condition for A with one or two non-zero
parts. That is, we have the following conjecture.

Conjecture 3.3.3. Let A = (A1,A,,0) and p = (1, U2, u3) be partitions. The
interpolation Jack polynomial P, appears in the linear combination for %PA
ifandonlyif p < Aand ) u; < X A

4See Lemmas and
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Once that we know which polynomials appear in the linear combinations,
we can ask what the coefficients are, and if there is a “nice” formula for
them. Over the summer we came up with several conjectures for these
coefficients, but have yet to prove any of them. I will not dwell on these
conjectures in this thesis, but will mention one of them briefly to give the
reader a sense of their nature. The conjectures are broken down into several
cases depending on the number of non-zero parts in A and u. For example,
one of our conjectures is as follows:

Conjecture 3.3.4. The coefficient of P(,, g 9) in %P( 11,0,0, Where 11 > 0, is

(#1,0,0)( ) (—1)A1—#1 . m X [(2x + #1)/\1—.“1 +(kc+ Hl)/\l—yl]
(11,0,0)\) =

c S
(x + up)hta

where a? denotes the rising factorial:
' =(@+0)a+1)---(@+b-1)

which is analogous to the falling factorial introduced in Section

The original goal of my thesis was to attempt to prove some of the
conjectures that we came up with over the summer. However, as I started
trying to prove them, I found that it was easier to find a slightly different
set of coefficients. In particular, I focused primarily on %PA where A has
exactly one non-zero part, and instead of focusing on the number of nonzero
parts in u, I focused on the relationship between those parts and the single
non-zero part of A. The coefficients that I found are sub-cases of our summer
conjectures, and it is worth noting that they agree with our conjectures (that
is, the expressions in our conjectures don’t contradict the expressions that I
found).
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Results

In this chapter we present the results of this thesis. In particular, we provide
formulas, with proof, for the coefficient of P, in P(p g ) for several partitions
u, and then give a general matrix formula for finding the coefficients. The
proofs of these formulas rely on finding the coefficient of various monomial
symmetric functions, m,, in various interpolation Jack polynomials P, so
first we provide a general expression for a specific case of such coefficients,
and then we move into the proofs of the coefficients of the interpolation Jack
polynomials. We will use the following notation throughout this chapter:

e The coefficient of P, in %PA we denote by cg (x) or just c’;.
e The coefficient of m,, in Py we denote by bf\l(K) or just bg.

Note also that unless stated otherwise, all partitions in this chapter have
at most three non-zero parts, all polynomials are in three variables, and D
always denotes a non-negative integer.

4.1 Coefficients of Monomial Symmetric Functions

4.1.1 Coefficient of M(D—q,q2,0) IN P(D—b,b,O)

Theorem 4.1.1. Let a,b € Z be such that 0 < a < %,O <b < %, and
D —b > D —a. Then the coefficient of m(p_y 4,0y in P(p—p p,0) s

(D - 2b)*=t(k +a—b—1)2=t

b(D—ﬂ,ﬂ,O)(K) — .
(a—b)l(x + D —2b — 1)L

(D=b,b,0)
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Proof. Recall that from Formula we have

Pp-ppo)x1, X2, x3) = Y Wr)| [ ]| (k1 =a/(s) + (€(s) = 2)w)
T T(s)=1
x || a=as)+(@(s)- 1)
T(s)=2

x [ ] =-a's)+ (o) |.

T(s)=3

We want to find the coefficient of the x? ~"x5 term in this expression.
Thus we only need to look at terms generated by reverse tableaux with D —a
threes and a twos. Since reverse tableaux must be non-increasing along rows
and strictly decreasing along columns, we see that the only reverse tableau
we are interested in is

3] ...|3|2 ||2‘

where there are D — a threes and a — b twos in the top row, and b twos in
the bottom row. Note that this way there will be a total of D — a threes and
(a —b) +b = a twos, as desired. The coefficient of x? ~?x5 will then be Wr (i)
for this T, so let’s find this Wr(x). We have

D—-a
—T—

Thus

R/COhwpo =0,  (R/Chape ={1,b+1),---,(1,D -a)}.

Thus

‘l—’T(K) _ l_l bA(z)(S, K)

bya(s,x)
Se(R/C)\) ) AR
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So now let’s find b,a)(s, k) and by (s, x). If s = (i,]) € (R/C) 0 1 then
i=landb+1<j<D-a,so

a,m(s) = Agl) -j=D-b-j, a,0(s) = Agz) —-j=D-a-j,
La(s) =|{k > 114y 2 j}| =0, Lha(s) = (k> 1A 2 j} =0.

To see why the left side of the second line holds, note that /\gl) = b and for
all s we have j > b. Thus

ao(s)+x(lo(s)+1) D-b-j+x
a,0(6)+xho(s)+1  D-b-j+1’
. _ ) +xhels)+1) D-a-j+x
A28, %) = a,0(6)+xho(s)+1  D-a—-j+1°

b/\(l)(sf K) =

Plugging this into our formula for Wr(x) we get

D—-a

Wy () = 1—[ by (s, x)

f=b+1l%“D(S’K)
—a D—-a—j+x
D—-a—j+1
D-b—j+x

) o §

B D-a-j+x)D-b—-j+1)
B l_[ (D-b-j+x)(D—-a-j+1)

o

-

]

o)
2

j=b+1
_(D-20)"(x +a-b-1)"2
~ (a-Db)(k+D-2b-1)ab "’

The last line here is not obvious. To arrive at this expression, I used
Mathematica to simplify the product in the second to last line but was not
satisfied with the expression it simplified to. However, using the expression
it outputted I then took a guess at an equivalent but cleaner expression
might look like, and arrived at the expression in the last line. I then used
Mathematica to verify that this solution is correct. This shows the desired
result. ]

4.2 A General Formula for the cg

The main result of this section is the following theorem:
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Theorem 4.2.1. For u > A we have cg = 0 and for u < A we have

d
W= gl= )l 4.1)
usv<i usv<A
IvI<il

Note that the second equality holds because ¢} = 0 if |[v| > |A| We will
present a proof of this theorem in a few pages, but first we must prove a few
supplementary lemmas.

Lemma 4.2.2. If u > A then my appears in Py with a zero coefficient, that is,
bl =0.
A

Proof. Consider the combinatorial formula for P, :

Pa(x1,x2,%3) = ) Wr()| | ] (1= a'(s) + (¢'(5) = 2)x)
T

T(s)=1

x [ a=a/s)+ (@) -1x) [ | (xa—as)+ sy |

T(s)=2 T(s)=3

Let’s say 11, 1, u5) is the monomial symmetric function in this expression
that is highest in lexicographic ordering. Then in particular the term
xé‘l xg 2x§l3 appears in this expression (with some non-zero coefficient). Say
this term appears in the expression produced by the reverse tableau T. Then
the exponent of x3 is less than or equal to the number of threes in T. Since u
is maximal in lexicographic ordering, we see that 11 must equal the number
of threes in T, and again since u is maximal, the number of threes in T must
equal A1. That is, the entire top row of T is filled with threes. Thus p1 = A;.
Similarly, we can show that we must have > = A and p3 = A3, which is the

desired result. O

Lemma 4.2.3. For any partition A (with three parts), the monomial symmetric
function my appears in P, with coefficient 1, that is, bj\‘ =1

Note that the proof that follows incorporates Jack polynomials, which
are distinct from interpolation Jack polynomials. Jack polynomials are
another family of symmetric polynomials indexed by partitions, and unlike
interpolation Jack polynomials, they are homogeneous. We will denote the

We will show this in Lemma
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Jack polynomial associated to the partition A by J). The precise definition
is unimportant here, but for more information about Jack polynomials and
their properties see [3].

Also note that in this proof we use results from [5], which uses slightly
different notation than we do. If the reader is interested in perusing [5], the
important notational differences to keep in mind here are:

1. The interpolation Jack polynomial that we refer to as P, is denoted by
P® in [5].

2. The Jack polynomial that we refer to as ], is denoted by Pgl/ " in [5].

Proof. From Corollary 4.7 in [5], the highest degree homogeneous part of the
interpolation Jack polynomial P, is the Jack polynomial J,. Also from [5], Jx
is of the form m, + ), <t AuMi. Thus m, appears in P, with coefficient one,
which is the desired result. m]

Lemma 4.2.4. Each differentiated interpolation Jack polynomial %PA can be
written as a linear combination of Py with yu < A.

Proof. From Lemmas and we know that if 4 > A then m,, appears
in %PA with a zero coefficient. Now consider the following construction of

a linear combination for %P 1. First look at the leading term in lexicographic
ordering, which by Lemmas and we can write as

d
(%bf\l(K)) my
for some p < A. Then define
M _ 9 d o u
P/\ = £PA - (%b/\(K)) P‘U,-

We see that P)(\l) is symmetric and every monomial symmetric function m,,

in Pgl) has v < u. Look at the leading term in lexicographic ordering for P,
and repeat the process. This process will terminate, since at each step we
reduce the degree of the polynomial and there are finitely many terms, and
will produce a linear combination for %PA of the desired form. m]

Lemma 4.2.5. Each differentiated interpolation Jack polynomial %PA can be
written as a linear combination of P, with |y| < A
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Proof. From the proof of Lemma we know that for any p, the highest
degree homogeneous part of P, is a Jack polynomial with leading term 1.
Since m,, has degree |y , all terms in P, must have degree less than or equal
to [p].

Now consider the process for constructing a linear combination for %PA
described in the proof of Lemma From the previous paragraph all
monomial symmetric functions m, in 5-P, have |[v| < |A|, and at each step in
this process the only new monomial symmetric functions we can introduce
are m, such that [v| < [A|. Thus all P, in this constructed linear combination
must have | y| < |A|, as desired. |

Now we find ourselves in a position to prove Theorem [4.2.1]

Proof. (Of Theorem ) From Lemma for an interpolation Jack
polynomial P, we can write

d
5-Pr= ) ciPu.
v<A

Thus in particular Cf\l = 01if u > A. Now consider the coefficient of m, on
both sides of this equation. On the left side we have just %bf{. On the other
side we have ), ., c;bf . Thus,

Now, from Lemma we know that if v < u then bf = (0. Thus we can
rewrite this as the first desired equality:

d
H_ § vk
%b/\_ C/\bv.
usv<A

Furthermore, by Lemma c;l =0 if | y| > |A|, so we can in fact write

d y
%b‘; - Z cVbt,
ULv<A

[v<|Al

Thus the second equality holds as well. a
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In the next three sections, we will find the coefficients ng,_()%(ﬁ,o}’ Eg,_o%(,)()),())’
23—025,0)/ using the method outlined below. First note that it will be

convenient to rewrite Equation[4.1]as

and ¢

d
c‘; = Ebﬁ - Z chﬁ 4.2)
p<v<A
|ul <1l

which we can do since by Lemma 4.2.3 we know that bﬁ = 1. Our procedure

to find the coefficient of P, and %PA is thus as follows.
1. Find the set S’Al of partitions v such that y <v < A and |y| < |Al.
2. For each partition v € S;l find ¢} and bl
3. Find £-bY.

4. Use the coefficients found in steps 1 and 2, along with Equation4.2|to

calculate cf\l.

4.3 Coefficient of P(p_1,1,0) in %P (D,0,0)

The main result of this section is the following theorem:

Theorem 4.3.1. The coefficient of P(p_1,1,0) in the linear combination for aiKP(D,O,O)
is

(0-110 . _ DO -1
‘o0 = 3D

In the next two sections we will prove a few intermediate lemmas and
(D-1,1,0)

find an expression for b (D.0,0)

, building up to a proof of this theorem.

(D_ll]'/o)

4.3.1 A Method for Finding C(D,0,0)

The main result of this section is the following theorem:
Theorem 4.3.2. The coefficient of P(p_1,1,0) in the linear combination for %P(D,O,O)
is

(D-11,0 _ d p(D-1L0)

(DO0)  ~ Fr (D00
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To prove this theorem we first prove the following two lemmas:

Lemma 4.3.3. Let D be some positive integer and let y = (D —1,1,0). Ifvisa
partition such that v > u then |v| > D.

Proof. Letv = (v1,v2,v3) be a partition such that v > u. We have a few cases
to consider. If vi > D then we clearly have [v| > D. Otherwise we must
have v1 = D — 1. In this case we must have v, > 1,s0|v| > D -1+1=D.
This shows the desired result. m|

Lemma 4.3.4. Let D be some positive integer and let y = (D —1,1,0). If
v = (v1, V2, v3) is a partition such that v > pand |v| = D then v = (D, 0, 0).

Proof. Let v = (v1,v2,v3). First note that we must have v; > D — 1 since
v > p,and vi < D since [v| = D. Thusvi =D -1orvy =D. If v =D
thenv, =v3 =0,s0v = (D,0,0). If vy =D —-1,thenv, =1and v3 =0
since |v| = D. But then v = u, which is a contradiction.Thus v = (D, 0, 0), as
desired. O

We are now in a position to prove Theorem [4.3.2}
Proof. (Of Theorem ) From Equation 4.2l we know that

(0-1,1,0) _ 4 ,(D-11,0) _
000 T Jx b(p,0,0) Z

y (D-1,1,0)
€(p,0,00v :
(D-1,1,0)<v<(D,0,0)

lv|<D

Then from Lemma[4.3.3lwe know thatif v > (D —1,1,0) then |v| > D, so we
can rewrite this as

v
(D00) ~ dx (D00) (0,00
(D-1,1,0)<v<(D,0,0)
|lv|=D

- d - -
(D-1,1,0) _ @ ;(D-1,1,0) b1(/D 11,0)

But then by Lemma [4.3.4 we know thatif v > (D —1,1,0) and |v| = D then
v =(D,0,0). Thus in fact there are no terms in the above sum, and so we
just get

(D-1,1,00 _ 4 ,(D-1,1,0)

0,00 T Frx (D00)
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4.3.2 A Formula for ng,_(ﬁ(ﬁ/())

This section is devoted to finding an explicit formula for the coefficient
of P(p_1,1,0) in %P(D,O,O)- From Section IZ}IDBI we know that the desired
coefficient is the derivative of the coefficient bgg;ﬁ(ﬁ’o) of mp-1,1,0) in P(p 0,0),
so it is sufficient to find a formula for bgg;ﬁ(’ﬁ’o)

A Formula for bgg,_o%(l);,m

Theorem 4.3.5. For D > 2, the coefficient of mp_11,0) in P(p 0,0) is
(o-11,0,  _  Dx
booo )= 3D

Proof. From Theorem fora,b € Zsuchthat0) <a < %,O <b< %, and
D —b > D —a wehave
(D —2b)2=b(k +a - b —1)2=L

(a-b)(k+D—-2b-1)2=t ~
Setting 2 = 1 and b = 0 we then see that

(D -2(0)1(x +1-0-1)=2
(1-0)!(x + D —2(0) —1)1=0
Dx
kx+D-1
as desired. For the interested reader, I have also included a proof of this
formula that doesn’t rely on Theorem [£.1.T|but instead uses Formula2.1} O

(D-a,a,0) _
bp_pp0) (k) =

(D-1,1,0), \ _
b(D,0,0) () =

Proof of Theorem

From the previous section we know that
(D-1,1,0), . _ _ Dx
bos ¥ =g
and by Theorem we know that

(D-11,0) _ 4 p(D-110)

(DO0)  ~ Jr (D,0,0)

Theorem follows directly from these results and an application of the
quotient rule for derivatives.
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4.4 Coefficient of Pp-1,0,0 in %P (D,0,0)

We now move on to the next partition in lexicographic ordering, (D —1, 0, 0).
In this section I will find a formula for the coefficient of P(p_1 ,9) in the linear
combination for %P(D,O,O)-

Theorem 4.4.1. For D > 1, the coefficient of P(p_1 0,0y in the linear combination
fOT’ %P(D,O,O) is

L(0-100) _ =3Dk=2D(D ~ 1)
000 T x4D-1

As before, in the next few sections I will prove an intermediate lemma
and find expressions for the coefficient of mp_1 0,0 in P(p-1,1,0) and in Pp o),
building up to a proof of this theorem.

(D-1,0,0)

44.1 A Method for Finding C(D,0,0)

The main result of this section is the following theorem:

Theorem 4.4.2. For D > 1 we have

(D= 100)( )= _b(D 10,0) _ ,(D=1,1,0) (D=10,0)
¢(D,0,0) (D,0,0) (D,0,0) “(D-1,1,0)"

Before we prove this theorem, we must have the following lemma:

Lemma 4.4.3. Let A = (D —1,1,0) and v = (D — 1,0,0). Then there are no
partitions u such that A > u > v.

Proof. Let u = (u1, y2, u3) and suppose u > v. Theny; > D-1. If g > D -1
then p > A so we must have y; = D — 1. Then we must also have u; > 0.
If o = 0 then u3 = 0 which can’t happen because i > v, so we must have
p2 > 0. If yp > 1 then u > A so in fact we must have > = 1. Finally, we
then have either y3 = 0 or u3 = 1. The latter cannot happen because then we
would have u > A. Thus we must have p = (D —1,1,0) = A, which shows
the desired result. m|

Using this and the results of Section [4.3.1} we can now prove Theorem
4.4.2]
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Proof. (Of Theorem ) By Equation 4.2] we know that

(D-1,10,0) _ d p(D-1,0.0) v
D000 T Fx (D00 (D,0,0)
(D-1,0,0)<v<(D,0,0)
[v|<D

bf/D_l'O'O).

Now let v be such that (D - 1,1,0) < v < (D,0,0) and |v| < D. Then by
Lemma v > (D —1,1,0). But then from the proof of Theorem we
know thatv = (D —-1,1,0). Thus

(D-1,0,0) _ i (D-1,00) _ (D—l,l,O)b(D—l,0,0)
(D,0,0) T Jix (D,0,0) (D,0,00 “(D-1,1,0)

(D-1,0,0)

4.4.2 A Formula for C(D,O,O)

This section will be dedicated to finding an explicit formula for the coefficient
of Pip_1,0,0) in %P(D,o,oy It will be split into several sections for ease of
reading.

(D-1,0,0)

A Formula for b, "/’

Theorem 4.4.4. or D > 2, the coefficient of mp_1,0,0) in P(p-1,1,0) is

,(D=1,0,0)

(D—l,l,O)(K) =K

Proof. Recall Formula

Pa(x1,x2,%3) = ) Wr()| | ]| (1= a'(s) + (€'(s) = 2)x)
T

T(s)=1

X ]_[ (x2 —a'(s) + (£'(s) = 1)x) ]_[ (x3—a'(s) + '(s)x) |

T(s)=2 T(s)=3

Now we want to find the coefficient of the mp_1 ¢ g) term in this polynomial.
To find this coefficient it is sufficient to find the coefficient of the x?’? -1 so
we will focus on that here. From the combinatorial formula we see that a
reverse tableau T will contribute to the xb’? ~1 term if and only ifithas D — 1

boxes filled with 3. But our reverse tableaux are of the shape
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where the top row has D — 1 boxes. Reverse tableau are strictly decreasing
down the columns, so all D — 1 of the threes must be in the top row and the
box in the second row must be either a one or a two. That is, we only need
to look at the terms contributed by two specific tableaux:

n= (3313 ama m= [3[3][3]
1 2

First let’s look at the term contributed by T>. Recall that for a box s = (i, j) in
a reverse tableau, a’(s) = j — 1 and ¢’(s) = i — 1. Thus in this case we get

[T @-a©+@E-2mx [] a-as)+@(s)-1)0)

T(s)=1 Tr(s)=2
x ] a=as)+ sy
Tz(S)=3
=X l_[ (x3—a’(s) + '(s)x).
Ti(s)=3

Thus in fact this reverse tableau will not contribute an x? ~1 term at all, since
all terms it contributes will have an x».
So now let’s look at the term contributed by T;. In this case we get a term

D-2
(21 = a'(50) + (¢'(50) = 2%) [ | (s =a'(5) + €(5)) = (1 =) [ s = )
j=0

Ti(s)=3

where sy denotes the box in the second row. We see that from this we will
get a term —Kx? ~1. Thus the coefficient of x? ~Lin Pip-1,1,0)is —xWr (k). So
let’s find Wr, (k). We see that

D-1

——

And thus (R/C) i) a0 =0 fori=1,2. Thus Wr, (), so the coefficient of
mM(p-1,0,0) in P(D—l,l,O) is —x. O
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p(D-100)

A Formula for (D.0,0)

Theorem 4.4.5. or D > 1, the coefficient of m(p_1,0,0) in P(p,0,0) is

(D= 100)( )= —6D«x? -5D(D —1)x — D(D — 1)2
(D0.0) 2(k+D —1)

From Formula 2.1 we have the following formula for P(p ¢ 0):

P(p0,0)(x1, X2, x3) = ( ) Z 1_[ [(1 i )(x] L 1])11 174
i j=
}j

where 6 = (61,02,03) = (2,1,0), and the sum runs through all integer
sequences D = iy > i; > i > i3 = 0. We want to find the coefficient of
mp-1,0,0), but since Pp ¢ o) is symmetric it is sufficient to find the coefficient
of xP~!. Thus we want to find all sequences i; where the product over j
produces an xP~! term. We see that to produce such a term we must have
ip —i1 = D orip — i1 = D — 1. Let’s consider the case where iy —i1 = D — 1
first.

Case 1:

Suppose ig—i1 = D —1. Then iy = D and i; = 1. This gives us two sequences
to consider: (D, 1,1,0) and (D, 1,0, 0). For the first sequence we get a term

ﬁ [(l] ?i 1]) (7 =0 = ij)ij_l_ij]

e el

= [(D_fl)(xl —- 2K —1)2=L (_1K)x3 .

Every term in this product will be multiplied by x3. Since we are only
interested in xP~! terms, we don’t actually have to consider any terms
produced by this sequence.
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Now for the second sequence, (D, 1,0, 0) we get the term

ﬁ [(Z] 1_11) %m0 _ij)ij_l_ij]

j=1

[ K
= —2x —1)=L
»D—l)(xl k=1

—K ot {0
(e[
[ K N dje1—ij
=1{. | (xj—x0; —i;) =
(25 w0
()]
The coefficient of the x? ~! factor that we get from this expression is
-k \(-x
R

- (D_f 1) (7).
Case 2:

Now suppose ip —i1 = D. Since ip = D by definition, this forces i; = 0, which
in turn forces i, = 0. Since i3 = 0 by definition, we see that we only have to
consider the sequence (D, 0,0, 0). The product term from this sequence is

ﬁ [(11 1_11) B Z])lj - l]]

e ) )4
o

= (_f;{)(ﬁq —2k)(x1 -2k = 1)+ (x1 -2k = (D - 1))

. )
= » D_l)(xl—ZK—l)u
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and so the coefficient of x? =1 from this term is

—-K
d(D,0,0,0) = D (—2K - (2K + 1) —.e. = (21{ + (D — 1))
i 5 )
= —2Dx — {
D =0
(—x DD -1)
=\p (—ZDK - > )

This completes case 2.
Thus the total coefficient of xP~ in P(p ¢ o) is

-1 -1
) ot (3] (3] e 25200

-1
:—ZDK—EK%T;Q+([;) &)fl)wa

oDk D(D -1) N ( D! ) ((_1)D—1KM) ()

2 (-1)PxD (D —1)!
D(D -1) D2
= 2Dk — -
* 2 x+D-1
_ —6D«? - 5D(D — 1)k — D(D — 1)?
- 2(k +D —1) ‘

Note that the coefficients in the numerator will be even for all D, so in fact
the 2 in the denominator will “cancel”.

Proof of Theorem [4.4.1|

From the previous two sections we have formulas for the coefficients of
mp-1,0,0 in P(pg,0) and in Pp_q 1 9). Also, we know that the coefficient of
mp-1,0,0) in P(p-1,0,0) is one, and that the coefficient of P(p_1 1 g in the linear
combination for %P(D,O,O) is

cP-LLO () - _bd-1)
“(0,00) (k+D-1)2
Then by Theorem .4.2] we have

(D= 100)( ) = _b(D 1L0,0) _ (D=1,1,0),(D~1,0,0)
¢(D,0,0) (D,0,0) (D,0,0) “(D-1,1,0)"
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p(0=100) (D-1,1,0) 1 (D-10,0)
0,00 50,00 *YD-11,0)
ematica to simplify the resulting expression we get

Substituting our expressions for and using Math-

(D-100) _ -3Dx —2D(D - 1)
(D00 k+D-1

. . .. 9
4.5 Coefficient of P(D—Z,Z,O) mn WP(D,O,O)
Here I present a proof of the following theorem:
Theorem 4.5.1. For D > 4, the coefficient of P(p_»,0) in %P(D,o,o) is

(D220 _ D(D -1)(D - 2)(D - 3)
(D,0,0) 2k +D-3)(x+D-22x+D-1)

Again, in the next few sections I will prove an intermediate lemma and
find the coefficient of M(p-2,2,0) in P(D,O,O) and P(D—l,l,O)/ building up toa
proof of this theorem.

4.5.1 A Method for Finding cg/_oi’;’o)

The main result of this section is the following theorem:

Theorem 4.5.2. For D > 4 we have

(D-22,0) _ d p(D-220) _ (D=1,1,0),(D-22,0)

(DO0)  ~ g (D00 (D00 “(D-1,10)"

To prove this theorem we will need the following lemma.
Lemma 4.5.3. Let A = (D —1,0,0) and v = (D —2,2,0). Then there are no
partitions u = (1, Uz, uz) such that A > p > vand 3, pu; < D.

Proof. Suppose u > v. Then yy > D =2. If yy > D =2 then p > v so
p1 = D — 1. Then we must have p» = u3 = 0 because u < A. Thus p =v.
Now suppose instead that we have 1 = D — 2. Then p» > 2 since yu > v. If
u2 > 2 then

ZHiZH1+H2>D/

which is a contradiction. Thus uy = 2. This forces y3 = 0 by similar reasoning,
so i = v. This shows the desired result. m|

We can now prove Theorem
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Proof. (Of Theorem ) From Equation[4.2} we have

(D-220) _ d p(D-220) _

v
D00 T Fx (D,00) ¢(D,0,0)

b1(/D—2,2,O)'

(D-2,2,0)<v<(D,0,0)
|v|<D

So we need to find all partitions v such that (D —2,2,0) < v < (D, 0,0) and
lv| < D. First, from Lemma[d.5.3we have v > (D -1, 0, 0). Then from Lemma
[4.4.3 we know that v = (D —1,0,0) or v > (D - 1,1,0). Finally, from the
results of Section4.3.1]we know thatif v > (D —1,1,0) thenv = (D -1, 1,0).
Thus the only partitions v with (D -2,2,0) <v < (D,0,0) and |v| < D are
(D-1,0,0)and (D - 1,1,0). Thus

(D-220) _ 4 p(D-220) _ (D-100),(D-220) _ (D-1,10),(D~22,)

D00 T Fx (000 (D00

Finally, from Lemma

4.2.5

(D-1,0,00 ~ “(D,0,00 ~(D-1,1,0)°

(D-2,2,0)

(D-10.0) = 0. Thus

we know that ¢

(D-220) _ 4 p(D=220) _ (D=1,1,0), (D-2,2,0)
‘D000 T g (D,00) (D,0,0) “(D-1,1,0)"
O
(D-2,2,0)
4.5.2 A Formula for C(D,O,O)

In this section we find an expression for the coefficient of P(p_» 7 o) in the linear
combination for %P( D,0,0)- We break this down into a couple subsections to
find the coefficient of mM(D-2,2,0) in P(D,O,O) and p(D—l,l,O)-

A Formula for bgg/_oi’j’o)

Theorem 4.5.4. For D > 4 the coefficient of mp_2,2,0) in P(p ,0) is

p(D-220)

(D,0,0)

D(D - 1)(x)(k + 1)

) = e+ DD +D-2)

Proof. From Theorem fora,b € Zsuchthat0 <a < %,O <b< %, and
D —b > D — a we have

(D-a,a,0)
b(D—b,b,O)

(k) =

(D = 2b)2=2(k +a —b —1)2=L
(a—bY(k+D—2b-1)2b °
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Setting 2 = 2 and b = 0 we then see that

(D —2(0)2%xk +2-0-1)=0
(2-0)!(x + D —2(0) = 1)2=0

DD -1(x)(x+1)

" 2(k+D-1)(x +D -2)

(D-2,2,0) _
b (D,0,0) () =

as desired. For the interested reader, I have also included a proof of this
formula that doesn’t rely on Theorem [4.1.1but instead uses Formula i

p(D-220)

A Formula for (D-1.1.0)

Theorem 4.5.5. The coefficient of mp_z,0) in P(p-1,1,0) is

(D -2)x
D-3-x’

Proof. From Theorem fora,b € Zsuchthat0 <a < %,0 <b< %, and
D —b > D — a we have

(D-22,0), + _
b(D—l,l,O)(K) =

(D —2b)=b(k +a - b —1)2=L

b(D—ﬂ,ﬂ,O)(K) — .
(a—bY(x+D—2b-1)rb

(D-b,b,0)

Setting 2 = 2 and b = 1 we then see that

pD-220(,y _ (D-21) (k+2-1-1)=L

(D-1,1,0) 2-D(x+D-2(1)-1)=L
_ (D -2)x
" xk+D-3

as desired. For the interested reader, I have also included a proof of this
formula that doesn’t rely on Theorem [4.1.T]but instead uses Formula2.1] O

Proof of Theorem

From the previous two sections we have formulas for the coefficients of
mp-2,2,0) in P(p_1,1,0) and in P(p 0,0). Also, we know that the coefficient of
mp-2,2,0) in P(p_p2,0) is one, and that the coefficient of P(p_1 1 ) in the linear
combination for %P(D/O,O) is

DD -1)

D-11,
o) ()= (x+D-1)

€(D,0,0
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Then by Theorem we have

(D-220) _ 4 A (0-220) _ (D-1,1,0),(D-220)
000 T g 000 o0 “d-11,0"

(D-22,0)  (D=1,L0) 41 (D=220)
(D,0,0) ’ “(D,0,0) (D-1,1,0)
using Mathematica to simplify the resulting expression we get

Substituting in our expressions for b , and

(D220 D(D -1)(D -2)(D - 3)
0,00 2k +D - 1)k +D -2)2(x + D - 3)

4.6 A Further Conjecture

In the previous sections, we found that the coefficients of Pp_1,1,0) and
P(p-220) In FPip,00) are

(D110 D(D -1)

“0.00) (kx +D -1)?’

(D220 D(D -1)(D -2)(D - 3)
“00) 2k+D-3)(k+D-22(x+D-1)

From this it is reasonable to form the following conjecture:

Conjecture 4.6.1. For 0 < a < 2, the coefficient of P(p_ 4 ,0) in %P(D,O,O) is

(DOO) T a(k+D-1)%k +D —a)*’

Note that this conjecture has been tested in Sage up to D = 15.

4.7 A Matrix Formula for Coefficients

In this section we present a matrix formula for the coefficients cg in terms of
the coefficients bﬁ. First recall Theoremm

Theorem 4.2.1. For u > A we have CK = 0 and for u < A we have

b= Z Ul = Z crbl. 4.1)

usv<A usv<A
vi<IAl
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We can restate this theorem as a statement about matrices, in the following
way. Note that since partitions of length three are totally ordered by
lexicographic ordering, if we have a matrix we can index its rows and
columns by partitions instead of integers. That is, we refer to the (i, j) entry
as the (i, A) entry, where p and A are the i*" and j!"* partitions, respectively,
in lexicographic ordering.

Now let B and C be the matrices of infinite dimensions such that the
(u, A) entries are bi and cg , respectively. For example, the first five partitions
in lexicographic ordering are

0,0,0),(1,0,0),(1,1,0),(1,1,1),(2,0,0)

sothe(2,3)enh3’HIBisb8f§;

derivative of B with respect to k. Then we have the following theorem:

(x). Furthermore, let B’ denote the entry-wise

Theorem 4.7.1. We can write
B’ = BC.
Furthermore, B has a left inverse, B!, and thus
C=B"'B.

Proof. First note that by Lemmas and B is an upper triangular
matrix with ones along the diagonal, and by Lemma C is strictly upper
triangular. That is, we can write

(0,0,0) (0,0,0) (0,0,0)
U I T I
| 1 bane oy
“lo o 1 po
(1,1,1)

and
(0,0,0) (0,0,0) (0,0,0)
€(1,0,0) 21,1,0) C§1,1,1%
0 0 A100) (100
(j _ (1,1,0) El,l,l%
- 0 0 0 1,1,0

(1,1,1)
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Let D = BC, and let d‘; be the (u, A) entry in D. Then d‘; is the u!" row of B
dotted with the A!" column of C:

d;‘:(Z(O)c;)+c§+ > bl +(Z(0)bi‘)

v<p u<v<a v2A

— M g v
=c, + Z by cy
u<v<i
_ u
= ), e
ugv<A
:ib“
dic 2

Thus the (u, A) entry of D is the (u, A) entry of dd—kB, and so
B’ = BC

as desired. Now, we would like to multiply both sides on the left by the left
inverse of B. However, before we can do this we must show that the left
inverse of B exists. We can find this inverse as follows. We want to find a
matrix A, with (u, A) entry ag, such that AB = I. Consider some row of A,
say the ‘u”‘ row. Since we want AB = I, we must have

H —
%000 = 0,11,0,0,0)

o (0,0,0) u _
(0,0,0)b(l,0,0) (1,0,00 ~ Ou,(1,0,0)

n (0,0,0) U (1,0,0) I _
a(0,0,0)b(l,l,O) + a(l,0,0)b(l,l,O) a0 10 = Op,,00)

a +a

where 0, is one if u = A and zero otherwise. This is a triangular system,
and thus solvable for the a ﬁ Thus we can find a left inverse A, for B. Thus

C = AB'.

Note also that we could use the Taylor expansion of the function f(x) = 1 to
write out C explicitly in terms of B. m]






Chapter 5

Further Directions

In this thesis, we have discussed the problem of differentiating an interpo-
lation Jack polynomial P, in three variables with respect to the variable «,
and writing the result as a linear combination of other interpolation Jack
polynomials:

We have made progress towards understanding this linear combination: we
know that if i is “large enough” with respect to A, then cq = 0 (see Section
, we’ve found explicit formulas for the cﬁt for a few different specific
relationships between u and A (see Sections [4.3}4.5), and we’ve found an
implicit matrix formula for all c‘; in terms of the coefficients of monomial
symmetric functions bg. But there is plenty of work still to be done! How
can we proceed from here? Well, there are a few different directions we
could go in.

The first direction would be to continue as we were in Chapter@ That is,
we find the coefficients c‘; one-by-one going in reverse lexicographic ordering.
This will give us concrete formulas for arbitrarily many coefficients, but will
not solve the problem completely since if we start at an arbitrary partition
A we cannot go through all partitions y < A. Furthermore, we have only
started this approach for the specific case A = (D, 0,0). In cases where A
has more than one non-zero part it may be more computationally intense
to find coefficients in this manner. However, it is possible that as we start

to compute specific coefficients, a pattern will emerge, as did in the case of
(D-a,a,0)

(D.0,0) (see Section . Once we have a conjecture, we can turn to

finding c
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other means to try to prove it, such as the use of hypergeometric functions.

The other main direction to go in is to focus on finding the coefficients
bf\l, of monomial symmetric functions in interpolation Jack polynomials.
There are a few reasons to take this approach. First, the solution for the
two-variable case relied on having expressions for these coefficients, so if we
want to try a similar approach for three variables we will need to calculate
them. Furthermore, we saw in Sections that the approach outlined in
the previous paragraph relies heavily on knowing the coefficients b;‘, so if
we want to take that approach then it will be useful to know them. Finally,
the matrix formula found in Section 4.7 gives an implicit expression for the
cﬁt in terms of the b;[, so if we want to use this implicit formula to find an
explicit formula for the cg, it would again be useful to know the bﬁ.

In this thesis we have made progress towards the problem of finding the
coefficients ci , but have yet to find an explicit formula, and thus the general
problem remains open. It is my hope that the exploration in this thesis will
aid in the solution of this problem, and foremost I hope that the relatively
concrete manipulations presented here can lead to a deeper understanding
of the theory behind interpolation polynomials. This brings to mind a quote
by Emmy NoetherT}

If one proves the equality of two numbers a and b by showing
first that “a is less than or equal to b’ and then “a is greater than
or equal to b’, it is unfair; one should instead show that they are
really equal by disclosing the inner ground for their equality.

Here I have shown several equalities using algebraic manipulations. How-
ever, I wonder why these equalities hold and what more complex mathemat-
ical structure they may be hinting at. My hope is that further study of this
problem will explain the “inner ground for their equality”.

1See [12].



Appendix A

Alternative Proofs for Various
Coefficients

A.1 The Coefficient of mM(p-1,1,0) in P(D,O,O)
Theorem 4.3.5. For D > 2, the coefficient of mp_1 1,0y in P(p 0,0) is

(0-11,0),  _  Dx
%mm()_K+D—T

Proof. Let A = (D, 0,0). Then from Formula we can write

= () 2 -0

where 6 = (61,02,03) = (2,1,0), and the sum runs through all integer
sequences D = ig > i1 > ip > i3 = 0. Since P, is a symmetric polynomial,
the coefficient of mp_1 1,09 in P, is just the coefficient of x? ~1x,. So let’s try
to find that coefficient. To this end, let’s look at the product term produced

by each sequence i;. For this product to output a term xP~'x;, we must have
ip—i1=D -1
ip —ip=1.

Since we know iy = D, this forces i1 = 1 and i, = 0. Thus it is sufficient to
compute the product for these values of i;. First, for j = 3 we have

i —ij=ip—i3=0-0=0.



54 Alternative Proofs for Various Coefficients

So the j = 3 term is just 1. For j = 2 we have
ij—ij=i1—ip=1-0=1.

So the j = 2 term is

(il_—Kiz)(xz — KOy — i) = (_1K)(X2 —k—0)
= —icl(xy — %)t
= —k(x2 — K).
Finally, when j = 1 we have
ii—ij=ig—i1=D~1.

So the j =1 term is

—K
Y S
(io—i1)(x1 K01 — i1)

o = (D_fl)(xl — 101 — i)P=
(-1)P 1L
(D-1)!
Thus the product we are interested in will be

3 _ _ _1\D-1,.D-1
n [(1 11i1-.)(xf — Kk — ij) = /] = (%(M -3k — )P
j=1 J= ] :

(X1 -3k — il)u.

X (=x(x2 = x)) ().

This will be a polynomial in x; and x,. However, we are only interested in

the term involving x? ~lx,, which is

(-D)P B _ ()PP gy
Now, looking again at Formula 2.T|we see that to get the full coefficient of

xD—l

{12 in P; we have to multiply by (7). Thus the final coefficient is

- (-1)PxP=1y D! (-=1)PxP=1y
(D ) (D-1)! ((—1)DK2) ( (D - 1)! )
_ Dx(x)(x+1)---(k+D -2)
T (®)(k+1)---(k+D-1)
Dx
k+D-1
Thus the coefficient of mp_1,1,0) in P(p 0,0) is

Dx .
—p—7, as desired. O
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A.2 The Coefficient of mp_, ) in P(p 0,0

Theorem 4.5.4. For D > 4 the coefficient of mp_ ) in P(p,0,0) is

p(P-220) ) = D(D - 1)(x)(x +1)
(D,0,0) " 2(k+D-1)(xk+D-2)

Proof. Recall that from Formula [2.1| that

Poan=(7) Zﬂ[(z] Joo - -

where the sum runs over all integer sequences D =iy > i1 > i > i3 = 0. We
want to find the coefficient of xD -2 2 in this expression. Now, 63 = i3 = 0,
so if ip # i3 then the product term for the sequence i; will have an x3 in
every term. Since we are only interested in the xP~2x3 term, we know that
any sequence of interest to us will have i = i3 = O Furthermore, to get an
x% term we must have i1 — i > 2, and to get an x? ~2 term we must have
ip —ip = D —2. Thus

D—-ii1>D-2 and i1—0>2, so
2> and i1 > 2.

So iy = 2. Thus the only sequence that is of interest to us is ip = D, i1 =
2,ip = 0,i3 = 0. The term we get from this sequence is

(D 2)<x1—zK 2)D=2 2(2)<x —k)( )(x 0

:(D_fz)(xl 2K —2)2=2 2( )(xz—k)-

The xD ~2x2 5 term produced by this product is

—K \[~K\.D-2.2
(o) (7o

Thus the coefficient of xD -2 2

K\ =k \ [k Dl (-D)P D=2 (—1)%2
() [o22)(2) - 5>
DD -1)(x)(x +1)
" 2(k+D-1)(xk+D-=2)

and thus WL(D 2,2,0) in P(D 0,0) is
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That is,

(D-220, DD -=1)(x)(x +1)
o0 )= e DDk +D-2)

A.3 Coefficient of mM(p-2,2,0) in P(D—l,l,O)
Theorem 4.5.5. The coefficient of mp_z,0) in P(p-1,1,0) is

(D -2)x

b(D—Z,Z,O)(K) — R

(D-1,1,0)

Proof. Recall Formula

Pip-1,,0)(x1,x2,x3) = Z Wr(x) l_[ (x1 —a’(s) + (£'(s) = 2)x)
T

T(s)=1

x [ to-a's)+€(s)- 1))

T(s)=2

x[I (x5 —a'(s) + '(s)x) |.

T(s)=3

We now want to find the coefficient of the x? ‘2x§ term. Thus we see that we
are only interested in terms generated by reverse tableaux where D — 2 boxes
are filled with 3’s and two are filled with 2’s. Since reverse tableaux must be
weakly decreasing along rows and strictly decreasing along columns, the

only reverse tableau that gives a product with a x2~2x3 term is the following:

r=3][3]2]
2

Thus the coefficient of x272x3 in P(p_1,1,) is 7(x). So let’s find this

YP1(x). We have

A0 =210 =¢1,1),...,(1,D-2),(2,1)},
A® ={1,1),...,0,D-2)}, A® =9.
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And thus
(R/C)yo/pm =0, (R/Chwje ={(1,2),...(1,D -2)}.
So (k) reduces to

=[] R

b s K)'
s€(R/C) 1) 12) A0S,

Now let’s find b,)(s, k) and b, (s, k). Let s = (i, j) be a box in (R/C) ) /12)-

Theni=1and2 <j <D -2. Thus
La(s) = Hk > 1AW > ]H ~0

Lo(s) = Hk SRS ]H =0

and
an(s) = Agl) —j=b-1-j
a,0(s) = Af) —j=D-2-].
Thus
by ((L,§),x) = a;;ﬁ{,j;)++i<(2$j8:g : 1) == _; :; =
bro((1, ), ) = a0, j) +k(ho(,)+1) D-2-j+ £

a/\(z)(l,]')+1<l/\(z)(l,]')+1 B D-1-j
And so the quotient is

D—-2—j+x
b (1, f), %) (—D—l—j ) (D-j+x-2)(D -j)

by (1, 7), %) (D;_” " D-j+x-DD-j-1)

Thus our product telescopes:

TT |

bro (s, x)
s€(R/C),1) ) AT

_El’—‘[z (D—j+x-2)(D-j)
‘]2 D-j+x-1)(D-j-1)
_(D-2)x
x+D-3
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Note that for the last step I simplified the expression using Mathematica.
Thus the coefficient of Mp-2,2,0) in P(p_1,1,0) is

(D -2)x

b(D—Z,Z,O) — )
) =-"Tp_3

(D-1,1,0)
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